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Introduction Forty students were very active in responding to the
In learning Russian language, engineering questions which were organized by linguists.
students are always busy with translation technical
and semi-technical words in Russian language even if Views of linguists about Translation
this takes a lot of time and energy from them. Khasan Platforms
Abdinazarov (2021) stated that learning FL for oil and In modernized era, while reading technical
gas engineering, specialist terminology acquisition is contexts, the engineering students are too eager to
essential as it involves learners improving their apply to the active function of machine translation in
profession in worldwide cooperation. Besides that, the order to accomplish tasks such as translating contexts
students with petroleum engineering profile often from Russian Language into Uzbek due to be fast in
accomplish tasks by using electronic platforms such short-time. According to the statement of Mundt and
google-translator in order to find L1 translation very Groves [3] while GT is approaching the grammatical
fast especially, by using apps in the mobile phones. level of certain competence of learners in English, it
Meanwhile, they sometimes feel difficulty of finding lacks the human ability to satisfy the norms of a
relevant translation in Uzbek language via MT discourse community in features that go beyond the
(Machine translation) such as google-translate sentence level. Additionally, Josefsson [4] claimed
platform. That platform is not yet fully enriched with that while he was conducting a research on the issues
oil and gas terminology in Uzbek language as they of google-translation, having interviewed with 46
translate some profession-oriented words and Swedish students, the result was that a good deal of
combinations. Furthermore, google-translator learners complained its inaccuracies in translation
platforms are helpful to find synonymous of the words from English into Swedish. Bahri and Mahadi [5] also
we need. We carried out a research on the issues of made an interview with 17 Malaysian students on the
how well that platform work in translating sentences issues of GT and the collected data showed that
from Russian into Uzbek language, especially, machine translation (GT) as a useful tool in translation
regarding to terminology in the field of oil and gas. because it is inexpensive, and offer a wide range of
languages. What’s more, one of the advantages of GT,
[ ]
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it has technical ability to translate a written and spoken
message into target language; consequently, it is
gaining more and more momentum because
businessmen in trade need fast and high-quality in
translation of documents in written and spoken
contexts. Lee, Seowon (2004 stated that learners face
difficulty in comprehending meanings of words.
Moreover, one of the issues of Russian language
learners in translation is to perceive sementicity of
terminology and define the meaning of authentic
context, which means representation of ideas, actions,
objects that leads to definition of meaning and is
central to all linguistic concerns.

Linguists (Laufer, B., & Hill, M. (2000); Roby,
W. B. (1999); Halliday, M.A.K., 1989a) stated that
infiltration of numerous translation tools and free
translation websites, electronic dictionaries, online
dictionaries or vocabulary glosses those are integrated
into language learning software or web pages learners
may definite the meaning of text. As a consequence,
technical language is endowed with many
peculiarities regarding to grammar and linguistic
structures; lexicon, terminology, style, and syntax.

Halliday, M.A.K., (1989a), Halliday, M.AK.,
(1989b), Crespo, B., (2011), Zorita, C.H., Sandoval,
A.M., (2016) revealed that in the process of translating
texts with full of technical terminology learners often
encounter  widely use of  nominalization.
Nominalization is a type of word formation in which
a verb or an adjective is used as a noun,
nominalization together with pre-modification and
compounding all tend to reduce the number of
function words and make the text more ‘dense’ with
lexical words.

Semi-technical vocabulary translating via
google-translator

1) Mama ne paborana. OHa TOBOpHIIA, YTO €€
paboTa — 3T0 My 1 cblH. Kaxkioe yTpo oHa BcTaBana
paHblIIe BCEX, TOTOBMIIA 3aBTpak. M kaxkaoe yTpo orery
ropopui Mame: «Jlo cBumanusa, mMos ponHas!» U
I'enka Buzen, Kak Mama paja CIBIIIATh 3TH CIIOBA.
OHu BMeCTE C OTIIOM BBIXOIMIIN U3 I0Ma, BMECTE LIITH
1o ynuie, Kak aBa MyK4uHbl. 11 I'eHke HpaBHIOCH
HUIATHU PAOOM C CUJIIbHBIM, CIIOKOMHBIM OTLOM.

2) A BeyepoM OH BMECTE C MaMoOM Jajl OTIIa.
OH OYeHb XOTeJl OTKPHITh ABEPH OTILY, HO BHJEIN, YTO
MaMa XO4YeT 3TOro eme OoJbIle, MOITOMY BCEraa
CMOTpeJ, Kak OTell BXOJUT W TOBOPUT Mame:
«3npaBcTBy#t, Mosi pomHas!» W moroM oHHM BMecTe
CHJIENTH U CIyIIad paccKasbl 0THa o paboTe, O TOM,
KaK MHOTO 1 JIOJITO HY»KHO MHOT/1a padoTaTh. A ['eHka
pacckasbiBaJI 0 HOBOM (HIBME, O IIKoJde. DTO ObLIa
CUYaCTIIMBAas, APY>KHAST CEMBS.

3) Opuaxkapl JIeTOM s 3aInél B caa. Y MeHs
Obu1a MHTEpecHas KHUTa. S cesl Ha cKaMeiKy 1 Hava
uyuTaTh. Sl unTan 1o Bedepa. B camy yxe HUKOro He
ObLT0. S OOsICS, YTO cal 3aKPOETCs, BCTAT U OBICTPO
noWIEN K BBIXOLY. BIpyr s yciblman, 4To KTO-TO

rader. S TMOBepHYN HaJIeBO W yBHIEN HEOOJIBIION
6enblii oM. OKOJIO CTEHBI JIOMa CTOSI MaJIbUUK H
rpomKo 11akai. Emy 6buto 7-8 net.

Technical
translator

1.KpuBommn 14 npu nomomu maryHa 15
MIPUBOAMT B KOJIeOaTeNbHOE ABIDKEHIE OaTaHCUPHYIO
pamy. Ilpu omyckaHMM paMbl OTTSDKHOH pPOJIMK
HaTATUBAET KaHAT U IOJHUMAET OypoBOil CHaps A HaT
3aboeM. [Ipm mogbeMe pambl KaHAT OITyCKaeTcs,
CHapsA INajaeT, M HpU yJape A0JI0Ta O IOPOAY
nocienHsst  paspymaercs. Ilo mepe yrayOneHus
CKBRKMHBI KaHAT YJUIMHSIOT, CMaThlBasi €ro c
Gapabana. HunmaapuaHOCT CKBaYKIHBI
obecrieunBaeTCs MOBOPOTOM JO0JIOTa B PE3YJIbTATe
pacKpydyMBaHMs KaHaTa IO Harpy3kod (BO Bpems
npunagéM OypoBOTro Hapsiaa) U CKPyYHBaHUS €T0 IPH
CHSITUH Harpy3KH (BO BpeMs yAapa J10JI0Ta O IOPo.y).

words translating via google-

2. B mporiecce pa3OypuBaHus TPSIIUHOBATHIX U
BSI3KHX MOPOJI BO3MOXKHO 3aKJIMHUBaHUE foiorta. J{is
OCBOOOXKIICHHST ~ JI0JOTa B  OypOBOM  CHapsc
MMPUMEHAIOT MITAHT'Y-HOXHHIBI, HW3TOTOBJICHHLIC B
BUJIE JIBYX Y/JIMHEHHBIX KOJIEI, COeIUHEHHBIX JAPYT C
JIPYTOM TOT00HO 3BEHBSM IICTIH.

3. TIpouecc Oypenwus Oyner TeM >QeKTuBHEE,
YeM MeEHbIIee COIPOTHBICHHE IOJIOTY OypoBOro
CHapsila OKa3bIBaeT HaKaIUTMBAIOLIAsCs Ha 3aboe
CKBOXWHBI BBIOypEeHHasl MOpOJa, NepeMellaHHas C
IUIACTOBOM  JKUAKOCTBIO. [Ipy  OTCYTCTBUM WM
HEJIOCTATOYHOM IIPUTOKE IUIACTOBOM JKUJIKOCTH B
CKB@XXHHY C YCTBSI IEPHOIMYECKH JOJIUBAIOT BOAY.

PaBHOMepHOE pacnpezeneHue YacTHIL
BBIOYpEHHOII ~ MOpOJBI B BOJE  JIOCTHTaeTCs
MEepUOANYECKIM pacXaKMBaHUEM (IPUIOABEMOM H
omyckaHueMm) OypoBoro cHapsga. Ilo  mepe
HAKOIUICHHS Ha 3a00¢ pa3pymIeHOH mopo sl (IiamMa)
BO3HHMKaeT HEOOXOMMOCTb B OUUCTKE CKBAXKHHBI.

While we made a research analysis on the issues
of translating technical and semi-technical words
occurred in the above-mentioned contexts, we
observed and found that engineering students could
translate simple words which we use for everyday life.
However, the students had difficulties in finding
equivalents of terminology from Russian language
into Uzbek.

Conclusion.

In translating technical terminology from
Russian language into Uzbek, especially technical
contexts is not easy and it may takes long and complex
process. However, it showed that GT (google-
translator platform) has a lot of lexical deficiency
especially, in the area of oil and gas field which not
yet enriched in Uzbek. Adult learners, professor-
teachers, researchers, employees/officials often prefer
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electronic dictionaries comparing to paper-based.
What’s more, we sometimes find technical
terminology in both electronic and paper based
dictionaries. While translating we may encounter with
the issues concerning lexico-semantic, syntactic in GT
in Uzbek. In reading comprehension learners are
engaged in performing translation activities such as
translating authentic contexts from Russian into
Uzbek in order to understand the meaning of the
context. Today, information technology is advanced
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